第  卷  第  期                            中国图象图形学报                               Vol.  ,No. 

200  年  月                         Journal of Image and Graphics                                  .,200


中图法分类号:(此号在中国图书馆分类法中查)   文献标识码:A   文章编号:1006-8961(年) -

论文引用格式：
中文题目(二黑居中占三行，尽量不用缩写词)

作者1，2  ，作者2(4号仿宋居中,各作者之间以逗号分隔)

1.单位,所在省市,邮编； 2.单位,所在省市,邮编    (6号宋体居中,单位名称务必写全称)
摘  要 ： (小5号宋体,两边各缩进2格)

         按照摘要四要素撰写(目的,方法,结果,结论，字数500字)

关键词 ： (小5号宋体,各词之间用分号间隔，5—8个，且请注意中英文完全对照)

英文题目(四黑居中占三行,首词首字母大写，其他小写)

作者1，2  ，作者2(4号居中,以逗号分隔)

 1.单位,所在省市,邮编； 2.单位,所在省市,邮编   (6号斜体居中) 

Abstract ： (小5号,两边各缩两格)

         按照摘要四要素撰写(Objective，Method，Result， Conclusion，字数1000字左右，因学报正在申请EI等国际数据库的收录，请作者支持并配合学报将英摘按照要求撰写，以提升论文的国际显示度)
Key words ： (各关键词之间以分号间隔，缩写词须有全称)

以下正文双栏排(单栏宽：22个字符)
1 一级标题

(引言序号为0,四号黑体占三行)

1.1 二极标题

(5号黑体,占一行)

1.1.1 三级标题

(5号白体,占一行)
正文用5号宋体,变量要求(变量用斜体,矩阵,矢量,向量,集合用黑斜体,R(实数集),Z(整数集),N(自然数集)用正黑体,且各变量要求加以说明.标准函数用正体),文献引用处用上角[序号],

表要求三线表,表题在表上居中，要求中英文对照，用小五号宋体加黑,表内用小五号宋体，表注小五号宋体。表的序号按全文统一编号。图题字号为小五，宋体，子图题为六号宋体。图要求清晰,字母用六号,图注六号宋体。图题在图下居中, 要求中英文对照用小五号白体,图号按全文统一编号,图中各小图用英文字母(a),(b),..编号,.公式及图全文统一编序号，如公式（1）…，图1…,所有公式及正文中公式变量均使用公式编辑器编辑。 

参 考 文 献(References)(5号黑体顶格占三行)

参考文献按本刊网站（www.cjig.cn）下载中心中参考文献格式要求著录， 文献序号按文献在正文引用的先后排。
中图法分类号：TP301.6    文献标识码：A    文章编号：1006-8961(200 )  -  - 

    论文引用格式：
题目（二号黑体）

张××1，2 ， 王××2 ， 冯××2（四号仿宋）

1.华中科技大学计算机学院, 武汉  430074； 2.华中科技大学数学系, 武汉  430074） （六号宋体）

摘  要：目的 现实中的背景往往是包含各种运动干扰的复杂环境，以至于背景建模的任务很具有挑战性。本文提出了一种基于混合高斯分布和帧间差分相融合的自适应背景模型。方法 提出的背景模型是以Stauffer等提出的混合高斯背景模型作为基础的。本文提出了采用帧间差分和背景模型匹配的方法对每帧的像素进行分类，区分得到背景区域，背景显露区域和运动目标区域。结果 针对不同的像素类型采用了不同的更新策略，实验表明上述问题通过我们的方法得到了很好的解决，即使在复杂的环境中，本文的方法仍然比传统的混合高斯算法表现出色。结论 本文提出了一种新的学习策略，我们针对不同像素类型采用不同的更新策略，并且实时更新。实验结果表明，在有诸多不确定性因素的视频序列中构建的背景有较好的自适应性，能迅速响应实际场景的变化。（宋体小五）

关键词 ： 算法 ; 编码; N维Hilbert曲线; 空间填充曲线   （宋体小五）

Algorithm for generating N-dimensional hilbert curve（四号）

Zhang Lan1,2, Wang Xiaomin2, Feng Gang2 （五号)
1.College of Computer Science and Technology, Huazhong University of Science and Technology,, Wuhan, 430074;  2.athematics Department, Huazhong University of Science and Technology,, Wuhan, 430074 （六号）
Abstract:  Objective  The segmentation of moving foreground objects from video stream is the fundamental step in many computer vision applications, such as intelligent visual surveillance, human-machine interaction, and content based video coding. Background subtraction is generally regarded as an effective method for extracting foreground objects. The performance of background subtraction mainly depends on the algorithm used for modeling background. However, the background is a complex environment usually includes distracting motions which make the task more challenging. We proposed an adaptive background modeling based on Gaussian Mixture model and frame subtraction for moving object detection. Method  Our background modeling is based on Gaussian Mixture model proposed by Stauffer etc. In their approach, for each pixel, its background is modeled by a mixture of K Gaussian distributions. And an on-line learning was used to train background model. For every image pixel, regardless of its intensity being changed or not, the learning rate of updating is controlled by a global, static parameter that ranges between 0 to 1. Because only one new sample is observed, typically, a very small constant is used to maintain the stability of models. Unfortunately, this small constant leads to a very slow learning speed which cannot update model parameters in time for the changing background. In contrast, by setting a larger value would improve the convergence speed for dynamic background. However, the system will become sensitive to foreground and noise. Setting global learning rate leaves no space for adjusting the updating speeds. In this paper, we using frames subtracting and background model matching method to classify the pixels into background region, uncovered background region and moving object region in each frame. In order to quickly restore the background covered by stagnated objects when they are moving again, we set the learning rate to a large value for uncovered background region pixels. For a pixel of background region, a smaller learning rate is preferred for background model stability. Different to the Stauffer's model, for moving objects, we no longer create a new Gaussian distribution, to suppress the learning of real foreground objects into the background. Result  In the conventional Gaussian Mixture model, because the situation which the static object moving again to escape from the background not be taken into account, the system will take a long time to respond to background changes, such as the stillness car moving again, will introduce an artifact be classified as foreground, commonly called a “ghost”. Also did not consider the different learning needs for real moving objects and background, such as when a big bus to move across the scean slowly, the learning of moving object is likely to cause ” scratch”. We assign individual learning rates for each pixel respect to space and time, and adapt them over time, so, higher exibility in controlling background adaptation can be handled. The proposed method can yield superior performance than the conventional Gaussian Mixture model in terms of the test results. Conclusion  Gaussian Mixture model is a widely-used background subtraction method. In their learning process, a very small constant is used to maintain the stability of the system. While this leads to slow convergence when background needs to adapt to a new cluster. This paper proposes a novel learning strategy for the Gaussian Mixture model. We assign individual learning rates for each pixel with respect to space and time, and update them over time. The experiment results indicate that our model has preferable adaptive performance to the scene with many uncertain factors, and has quickly correspondence.  （小五）

Key  words:  algorithm； encoding；N-dimensional hilbert curve；space-filling curve

0  引  言（标题1）

（宋体五号）关于Hilbert曲线编码生成，有两种实现方法：一个是表驱动方法，一个是计算的方法。表驱动方法通过扫描代码扫描列表来实现曲线生成。Fish[1]给出了一个迭代的表驱动版本使得1维到2维的映射得以执行。Cole[2-3]给出的由2维向1维转化的逆向的映射表驱动版本。文献[4]提出 了一个空间填充曲线产生的框架去有效的生成空间填充曲线。表驱动的一个最大的缺点就是它的空间复杂度很高。计算的方法通过一对一的计算来实现映射。……………
1 分析Hilbert曲

1.1 Hilbert曲线的定义(标题2)

首先，用RN来表示N维空间。用Xn，…，X2，X1来表示N维空间RN的N个维。把从N维空间坐标转换成的一维空间坐标值叫做Hilbert码，记为：H-code。我们约定若一条Hilbert 曲线可以填充一个2m
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2m (2mN)的N维空间，则我们称该Hilbert曲线为一个N维m代Hilbert曲线，用HN m表示。例如：图1表示H2 1，H2 2 and H2 3。
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图1  Hilbert曲线

Fig.1  Hilbert curves（(a) 2
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表2  3维forward扫描单元
 Table 2  3D forward scan cell
	X3
	X2
	X1
	H-code

	0
	0
	0
	000

	0
	0
	1
	001

	0
	1
	0
	011

	0
	1
	1
	010

	1
	0
	0
	111

	1
	0
	1
	110

	1
	1
	0
	100

	1
	1
	1
	101


Forward编码算法可以高效的实现从RN向R1转换。………….

2 结  论

关于Hilbert曲线编码生成，有两种实现方法：一个是表驱动方法，一个是计算的方法。表驱动方法通过扫描代码扫描列表来实现曲线生成。…………
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